Visualization methods combined to clustering approach

enabled the identification of clinically relevant patterns

of prostate cancer management.

ABSTRACT Applying sequence clustering methods to characterize ‘%é,
healthcare pathways of patients in the French nationwide

BACKGROUND

healthcare database: Prostate cancer example
There is a great heterogeneity of prostate
cancer patient journeys for a same stage of
disease, which makes their evaluation complex
using descriptive statistics. Unsupervised
machine learning has the potential to reveal
patterns within heterogeneous data. We aimed
to illustrate how clustering and visualization of
healthcare pathways can enhance the
characterization of patients with Prostate
Cancer (PC), at all disease stages.
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